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Evaluating Phillips Curve Based Inflation Forecasts
in Europe: A Note

By Carsten Croonenbroeck, Frankfurt

I. Introduction

The Phillips curve was established by Phillips (1958) as an empirical
relationship between unemployment and nominal wage growth rate. Ad-
ditional research led to the development of the modified Phillips curve
showing the relationship between unemployment rate and inflation rate.
Friedman (1968) added the natural rate of unemployment, thus estab-
lishing the NAIRU Phillips curve. More recent developments refine the
theory by adding a system of stochastic price shocks, where the new
macroeconomic price level is determined by, basically, discounted mar-
ginal costs and is only obtained at a given probability. This model frame-
work is known as “New Keynesian Phillips curve”, Gali/Gertler (1999)
provide a thorough overview.

Empirical research on the topic has been twofold:

e The first branch of research emphasizes model fit, i.e. questioning
whether the model is a good proxy for the data observed in the real
world. Paloviita (2008) checks the model fit of several specifications
using European data. Blinder (1997) pointed out already that the Phil-
lips curve is known to apply rather badly there. Most recently,
Koop/Onorante (2012) challenge estimating the Phillips curve in the
anxious times of the financial crisis.

e The second branch of research focuses on forecasting power. The Phil-
lips curve has been used as a tool for inflation rate forecasting. How-
ever, many studies find that the Phillips curve’s usefulness as a fore-
casting tool is limited. For example, Atkeson/Ohanian (2001) find that
Phillips curve based forecasters are regularly outperformed by simple
persistence forecasters. Matheson (2008) gets a better forecasting per-
formance out of a univariate AR(1) forecaster than from Phillips curve
forecasting models. Stock/Watson (1999) use generalized Phillips curve
forecasters and find mostly useful performances in a 12-months-fore-
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casting horizon. Stock/Watson (2008) compare Phillips curve forecast-
ers to several multivariate specifications of forecasting models and find
a good Phillips curve performance for the US.However, Clausen/
Clausen (2010) find that the Phillips curve performs badly oftentimes
when analyzing data from Germany, the UK and the US.

In this paper we evaluate the NAIRU Phillips curve with adaptive ex-
pectations and compare their forecasting performance to the persistence
benchmark forecaster suggested by Atkeson/Ohanian (2001). While their
study focuses on the US we examine 15 euro-zone countries as well as
the Euro area on average from 2001 to 2012 including a “pre-crisis” time
frame and a period affected by the financial crisis starting in 2008. We
show that the Phillips curve forecasters perform remarkably poor and
are regularly outperformed compared to a naive benchmark.

The paper is structured as follows: Section 2 provides an overview of
the methodology used. Section 3 describes the data set. Section 4 pre-
sents the results and Section 5 concludes.

II. Phillips Curve Based Methods

This Section shortly describes the Phillips curve specification for fore-
casting, the reference forecaster and the applied methodology regarding
result comparison.

1. Phillips Curve Specification

Phillips (1958) specified the empirical relationship between the nomi-
nal wage growth rate and unemployment either as a non-linear or log-
linear relationship. Usually, a linearized version is applied focusing on
the relationship between inflation rate n, and the unemployment rate w;.
This so-called modified Phillips curve can be written as:

(1) 7 = bu,,

where b is a scaling parameter which is empirically found to be negative.
Taking expectations with respect to the inflation rate (E, [z, ]) and in-
tegrating the difference between the actual unemployment rate and the
non-accelerating inflation rate of unemployment u (i.e. the unemploy-
ment rate at which inflation rate does not change), a common specifica-
tion is given by:

(2) 7 —E, |7 ]=0b(u, —u).
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Since expectations usually cannot be observed, the model is simplified
by the assumption of adaptive expectations, i.e. it is assumed that agents
form their expectations exclusively based on previous inflations rates:!

(3) Et—l[ﬁt]:”t—l'
Therefore, the model can be rewritten as
(4) 7 =am, 1 +blu, —u).
Since -bu is constant over time? this term can be separated to obtain
5) 7y = —bu + ar,_; + buy
or, in a notation for a linear regression model,
(6) Ty = P+ Pomti 1 + Baus + &,

where ¢ is assumed white noise. Shifting Equation (6) one period ahead,
this model results in the following forecasting equation:3

(7 i1 = P+ Bory + Pstyiq + i

Equations (6) and (7) collapse to a random walk type stochastic process
in case that S, does not differ significantly from one and both £, and f;
do not differ significantly from zero. In that case, the Phillips curve mod-
el does not predict inflation rates more accurately than a pure random
process. Thus, we test for that in Section 4 using these formal hypotheses:

(8) H{:p =0Ap3=0 vs. H{: —-HE
and
9) HE: B, =1 vs. HE: -HP.

1 However, as a robustness check we also ran a model that incorporates expec-
tations regarding the ECB inflation target that is “close to but below 2 %", i.e. we
assumed static expectations. As to be foreseen, Phillips curve forecasts are very
bad in that specification, so the results are omitted here but available upon re-
quest.

2 Yet there is literature that suggests a time-varying NAIRU, e.g. Gordon (1997).

3 Note that u;, ; itself must be forecasted. We use a univariate autoregressive
method, i.e. u;y 1= o9 + awus + ozu; 1 + v. This AR(2) approach is suggested as a
simple plug-in method by the unemployment rate forecasting literature, e.g.
Parker and Rothman (1998).
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2. Reference Forecaster

Atkeson/Ohanian (2001) compare Phillips curve forecasts to naive
benchmark forecasts usually called “persistence”:

(10) Tyl = Ty

Furthermore, Atkeson/Ohanian (2001, p. 3) point out that they use this
as a reference “... not because we think that it is the best forecast of infla-
tion available, but rather because we think that any inflation forecasting
model based on some hypothesized economic relationship cannot be con-
sidered a useful guide for policy if its forecasts are no more accurate than
such a simple atheoretical forecast.”

3. Result Comparison

Comparing two models’ forecasting power is usually done in two steps:
In the first step, both models are calculated pseudo-out-of-sample, i.e. by
using a sub-sample for fitting and then calculating forecasts for another
sub-sample period. In the second step, these forecasts are compared to
actual realizations in that time frame. The difference between actual val-
ues and forecasted values is the forecasting error, e,. We aggregate these
errors by:

(11) MAE =) |e,|,
t=1

(12) MSE =) e? and
t=1

(13) RMSE = JMSE,

where m is the number of forecasting errors.4

4 MAE = Mean Absolute Error, MSE = Mean Squared Error, RMSE = Root Mean
Squared Error.
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III. The Data Set

We use monthly inflation rates and unemployment rates from January
2001 to August 2012 for Austria, Belgium, Cyprus, Finland, France, Ger-
many, Greece, Ireland, Italy, Luxembourg, Netherlands, Portugal, Slova-
kia, Slovenia and Spain.? Furthermore, we employ aggregated data for
the euro-zone.6 As an inflation rate measure we chose both the original
Harmonized Index of Consumer Prices (HICP overall) and a core infla-
tion measure, i.e. HICP without energy and unprocessed food (HICP core
inflation). Additionally, we utilize seasonally adjusted unemployment
rate data. All data have been acquired from the ECB’s statistical data
warehouse.” The data set consists of 140 monthly observations per coun-
try and variable.

Most of these time series (both inflation rates and unemployment rates)
are clearly non-stationary according to ADF tests. While it is quite pos-
sible to transform the data into a stationary stage (first differences, de-
meaning, Hodrick-Prescott filter, ...) this would change the model specifi-
cation away from the plain Phillips curve model, so we knowingly accept
non-stationarity.

IV. Empirical Findings

We run a linear regression of the model described in Equation (6)
through the whole sample set for each country and for both the HICP
overall index and HICP core inflation index. Results are presented in Ta-
bles 1 and 2. Hypothesis H{' is not rejected most of the times, at least at
a 5% level of significance. Exceptions are Finland, Slovenia and Slova-
kia for HICP overall and Finland, France, Netherlands, Slovenia, Slova-
kia and the aggregated euro-zone for HICP core inflation. Hypothesis H}
is rejected at a 5 % level for Germany, Spain, Finland, France, Italy, Lux-
embourg, The Netherlands, Portugal, Slovenia, Slovakia and the aggre-

5 These are the so-called Euro-17 countries as of the year 2011 excluding Esto-
nia and Malta which both do not report complete unemployment rate data during
the investigated time frame.

6 These are countries that use the Euro as their national currency. The set of
countries in that group changed during the investigated time frame, e.g. Cyprus
has been using the Euro since January 2008.

7 Internet source for HICP: http://sdw.ecb.europa.eu/browse.do?node=2120778
and unemployment rate: http://sdw.ecb.europa.eu/browse.do?node=2120805.
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gated euro-zone for HICP overall and Germany, France, The Netherlands,
Portugal, Slovenia, Slovakia and the aggregated euro-zone for HICP core
inflation.

The Phillips curve therefore empirically seems to collapse to a random
walk for Austria, Belgium, Greece and Ireland. However, the coefficient
of determination (R?) is rather high for all countries and spans from
0.7457 for Cyprus to 0.9699 for Ireland using HICP overall index data.
The adjusted coefficient of determination (R2)is comparably high. Both
R? and R? are slightly higher for HICP core inflation data in tendency.
After all it can be retained that the Phillips curve represents a rather
good quality of fit.

After running out-of-sample forecasts as described in Section II.3. by
using a rolling window with a fixed size of 70 observations (i.e. “half” of
the data set®) we obtain aggregated forecasting measures MAE, MSE and
RMSE for both forecasters and both index data. Results are presented in
Tables 3 and 4. The Tables also contain information with respect to the
percentage at which the persistence forecaster returns more precise fore-
casts than the Phillips curve forecaster, denoted as “A%”.

8 This splits the sample into an in-sample part that spans from January 2001 to
March 2007 in the first round (which roughly determines the pre-crisis area) and
an out-of-sample part from April 2007 to August 2012 to calculate forecasts for.
However, results are robust against other sample decomposition decisions, i.e. in-
stead of 70/70 obs. we also ran 45/95 and 95/45 splits. Results were similar and
are available upon request.

Credit and Capital Markets 1/2013



85

Evaluating Phillips Curve Based Inflation Forecasts in Europe: A Note

TOAI] % T°0 = s ‘% T = xx ‘%G = x :S9POD 2UBDYIUSIS

GG88'0 cL880 ¥690°0 T6T0°0 9T€0°0~ | %%%C6C6°0 c6cv0 oIy
1€88°0 8%88°0 LLEO0 LEGT0°0 8TT0°0~ | #%x¥9T6°0 *G¥6€°0 uredg
26€6°0 T0%6°0 000€°0 61¥1°0 T6T0°0 #%%6696°0 GS0T 0~ BINBAO[S
81¥%6°0 LTY6°0 69L2°0 91920 LCG0°0~ | %%+8GL6°0 €89%°0 BIUDAO[S
€3¢6°0 Y€C6°0 80L0°0 ¥9%0°0 6€20°0~ | %x%06%6°0 «G¥GE0 [esSnirod
06¥%6°0 8¢¥%6°0 6EFT0 €I10T0 0€90°0— | %%%€8G6°0 L09€°0 | SPUBLISYISN OUL
16080 6T18°0 0€50°0 18000 98100 #x%x9668°0 6610 Smoquexn
9%68°0 L9680 6%80°0 ¥910°0 8€00°0 | %x%1086°0 9gST1°0 Areyr
6696°0 66960 TGT0°0 98000 #%¥6C0°0~ | #%xTCV6°0 | %x0TGE0 pueraa]
02¥8°0 €7¥8°0 Gve00 c0T0°0 CI00°0 | #+x%806°0 86620 92931
L0€80 GEEB0 LT80°0 1100 90T0°0~ | %%%€606°0 1T%2°0 Auewah
92880 L¥G8°0 9€60°0 T0T0'0 816070~ | %%GTT16°0 L0€9°0 QoueIg
66680 GL680 ¢0%20 GG60°0 $600°0 | #x%89¥%6°0 €¥S0°0 puerutg
6T1%L0 LEPLO 2€T0°0 91000 8%T0°0— | #%%9098°0 «*671%°0 snxd&D
€LL8 0 16L8°0 €2€0°0 680070 8ETT 0~ | #%%8GT6°0 +«6890°T umisreg
$8L8°0 T088°0 $600°0 0200°0 #+7CIT'0~ | #%+GG68°0 | #«¥986°0 BLIISNY

4 "y 0==%d v ="¢g a0y ontep-d | T =%y J0J anyep-d tg g g Aryuno)

(Xopu] [[e1940Q IDIH) 1 UOISSIIFOY S) NSOy

[ 21911

Credit and Capital Markets 1/2013



Carsten Croonenbroeck

86

A % T°0 = sax %L = us %G = « [SIPOD DDULDYIUSIS

02060 $€06°0 G9TE0 08020 62000 #+x1666°0 08%0°0 omy
G068°0 12680 ¥¥10°0 T€00°0 *I8T0°0~ | %xxC698°0 669670 uredg
10L6°0 60L6°0 ¥LGT0 €66T°0 L9T0°0 xxxLVL6"0 0E¥T0- BINBAOTS
LGL6°0 T9L6°0 99¢%°0 06%¥%°0 GGC0'0~ | xx+1686°0 G61C°0 BIUDAO[S
96160 69160 T9L0°0 €22¢0°0 €€C0°0~ | #x+1€C6°0 x0L6E°0 [esnjroq
€T1L6°0 LTL6°0 9€99°0 6€L6°0 9€T0°0 #%%6666°0 9€¥0°0— | SPUBLISYISN 9UL
9¢¥L 0 €97L°0 8L00°0 0€00°0 9700°0~ | #x+GLG8°0 +*¥08€°0 Smoquiexny
18890 L2690 L€00°0 6000°0 ¥910°0 #%x£868°0 81¥¢0 ATeyr
018670 €186°0 06€0°0 ¢Ig00 *I¥C0°0~ | %xxC9G6°0 +*GELC0 pueraa]
09€80 $8€8°0 L000°0 €000°0 98¢0°0= | %xx6¥%28°0 % 198L°0 99991
€€080 29080 G9¢1°0 0€20°0 660070~ | #+x€0T6°0 GI9ET0 Aueurrah
1606°0 6906°0 G6TIE0 16620 $¢10°0 #%%LG96°0 666070~ QoueI]
02S6°0 L2S6°0 02100 YET90 #*%€G90°0 #%x1066°0 *8V1G 0~ pueruLL
GLLLO $08L°0 €200 GT00°0 07200~ | %%%9898°0 x€0TE0 snad4£D
EY6L0 €L6LO €810°0 66000 8CF0°0~ | #x+GGG8°0 LT6S°0 wnigeg
18%8°0 €068°0 Y100 6600°0 T8G0°0— | #%x9268°0 61670 LISV

ey iy 0="=%tg v o="¢g a05ontep-d | T =% 10] onyep-d tg g g Aruno)

(x9puy uoneyuy 910D JOIH) I UOISSIISY SINSIY

¢ 219nL

Credit and Capital Markets 1/2013



87

Evaluating Phillips Curve Based Inflation Forecasts in Europe: A Note

sousrsisiog
‘AsnoSoreue FSWY pPue VIN 10§ ‘00T - | T — %ﬁé = S %V
el S
S2TH'02 820€°0 L¥9€0 | OTTILPE LS0T'0 TLLEO0 | 8T66FF LT60°0 0€ET'0 ong
0881°€C 921S0 P1€9°0 | $269°GT LSGE0 TLFP0 | 82SLTS L292°0 L86€°0 uredg
196801 99T%°0 029%°0 | 298678 98L20 28FE0 | G6L6CT 9eLT'0 GETT0 BIYRAO[S
LETHTT LG6G°0 9699°0 | 9¥ELFT 989%°0 9LEG0 | $89€'9T 6¥5€°0 78770 BIUAAO[S
162F¢H 66070 8€85°0 | 820EFF ePIE0 GEGH0 | S098°20T 089T°0 80%€°0 [esniod
2eee 01 GeFE0 06LE°0 | L008FT PIEC0 LS9Z°0 | 02ELTT 08TT°0 9EPT'0 | SPUBTIOYIN YL
GLET'6 €809°0 G¥99°0 | 96TGET 00%%°0 $66%°0 | C0SE6T 00L€°0 9T¥¥°0 Smoquaxnrg
0¥F8'€T THee0 TeO¥'0 | 99€¥°0T 9820 76620 | 970962 $STT0 9291°0 Arern
6T%9°09 $26€°0 $0€9°0 | ©6LS9S 620€°0 ThLY'0 | €8G0°8GT 0¥ST'0 PL6E0 pue[RII
20LE 6T LEIF'0 66650 | CITTLY 62€€°0 L6870 | G99€L9 0ST2°0 865€°0 909910
298121 ¥85€°0 020%°0 | PIFTCT 62L2°0 090€°0 | $.68°'¢T ¥821°0 919T°0 Auewron
02¥2'6C 080€°0 LG8E0 | 9%98°FE PIEC0 T2IE0 | $698°9¢ 6%60°0 88¥T°0 soueLy
L68S°CT €16€°0 90%%'0 | $20€GT TLLT0 96T€0 | S¥9L9T T€ST0 T¥61°0 pueruLg
$S6%91 $029°0 LZTL0 | TES8'ET EPLT0 $L8G°0 | 8TTILGE 6%8€°0 £225°0 snadA)
€906'GT #80¢°0 268¢°0 | C6TTLI 98L€°0 PEVF0 | PCFETE ¥852°0 TL¥E0 wniseg
6ESTTT €TFE0 $08€°0 | 98F0FT 0092°0 §962°0 | 025S'€T TLIT0 LYFT0 eLsny
Q0ud)sISIDg | sAIyd 20ud)sISIvg | sAIIyd 20ud)sISIDg | sAIyd
ASINY %V HSINY HSINY | AVIN %V HVIN HVIN | HSIN %V SN SN Aryunop

(Xapuj [[e19A0 JDIH) SHNSIY SuI)SedIdIo]
€ 219nL

Credit and Capital Markets 1/2013



Carsten Croonenbroeck

88

souasisiod
‘AsnoSoreur FSWY pue TVIN 107 ‘00T | T — %@ms = HSI %V
EHSI
8€e0'TT 06GT°0 GILT0 928T'Le 00TT0 66ET°0 | LBIC'€T €620°0 GT€0°0 oIy
90669 TL0%'0 GGEF0 G08€'2T 00%2°0 LE6T0 | 669FFT LS9T0 L68T0 uredg
670L'cE 10620 02€e0 1299°L€ TL6T 0 ILC0 | 6S0T'9L 9290°0 G0IT'0 BI{BAOTS
¢888'8T 298¢0 16¢%°0 8G69°GT 00g€0 G0LE0 | GPPETY 16710 80120 BIUDAOTS
YLLEGT 80€€°0 LY 0 6%90°6T ¥162°0 6620 | 6¥6TLS ¥60T1°0 0GLT0 [esnjroq
GOET 0T $812°0 90%2°0 %5628 009T°0 €ELT'0 | GLBT'IG LLY0°0 6LG0°0 | SPUBTISYIDN OUL
LLOY ¢¥6T°0 12020 | ¥E0L'6 LSPT'0 66GT°0 | TTGE'8 LLEO0 60%0°0 Smoquexng
$966°0 T€7€°0 0S%€0 €Cev'y 98¢¢'0 L8€%0 | 0CITT LLTTO 06TT°0 Areyr
988T°¢¥ 909¢€°0 Ggeso SLYCLY LS92°0 €16€°0 | GL6LOTT 00€T°0 0%L2°0 pueradg
9666°GT 66170 €58%°0 G880°€¢ ¥162°0 6L8€°0 | ¥€T9€e €9LT°0 96€2°0 9099ID
$1€8°¢ $812°0 GIET'0 | CL8T'CT FIGT0 PILT0 | 8200°CT LLY0°0 $€60°0 Auewwron
4tls a4t 6EYT°0 L¥9T°0 | G008'8T 62110 IPET°0 | G6L6°0€ L0200 1L20°0 oueL]
1822 0% L9%C0 996¢°0 | LG6S°GE 669T°0 6STC0 | 6LYSTY 6090°0 0880°0 pueruty
G9LE’8 298¢0 G8T¥'0 | C6E0°TT ¥162°0 9€CE0 | €LETLI 16710 67LT°0 snad4&D
FeeT e~ €6220 16220 | 89L0°0— TLLTO 0LLT'O | 989T'9— 92G0°0 €670°0 wnigeg
12€6'T Savall 98120 | ¥29¢'G 98910 PLLT'O | GTO6'E 09%0°0 8L%0°0 BLIISNY
QoualsIsIag | sdiyd ouRlsIsI”g | sdiydg QoualsIsIdg | sdIIyd
HASINY %V ASINY ASINY | HVIN %V IVIN IVIN HASIN %V HASIN SN Anyuno)

(xopuy uoneguy 910) JOIH) SINSIY SUI)SLIAI0]
¥ 21911

Credit and Capital Markets 1/2013



Evaluating Phillips Curve Based Inflation Forecasts in Europe: A Note 89

Euro HICP overall index

< -
o -
2
c
= N -
e
g
c
i)
a
E
o -
— Actual
—— Phillips
—— Persistence
1 I | 1 I | 1 1 I
11/2006 04/2008 10/2009 03/2011 09/2012

Months

Figure 1: Euro Overall Inflation — Actual vs. Forecasted

With respect to the HICP overall index data this measure is always
positive, indicating that the Phillips curve did not return a better fore-
cast than the reference forecaster in any case. For the case of HICP core
inflation index data this indicator is negative only for Belgium (for MAE,
MSE and RMSE). However, the magnitude is comparatively small and
Belgium is one of the few countries for which the empirical fit even col-
lapses to a random walk. Figure (1) gives an example of the way typical
actual-vs.-forecasted plots look like.9 As Figure (2) shows, Belgium looks
similar.

According to Chow breakpoint tests there are structural breaks in the
model for several countries (e.g. for Greece, see Figure (3)) during the
rolling window time frame. However, these breaks are significant for few
countries only, many countries do not show significant structural breaks,

9 It should be mentioned that the reference forecaster is by definition identical
to the lagged actual values. The rest of the 30 plots have been omitted to conserve
space and are available from the authors upon request.
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Figure 3: p-Values for Chow Breakpoint Test Over Time — Greece
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Cyprus HICP overall index

0.8

0.6

p-Value for Chow Breakpoint test
0.4

0.0

T T T T T T T T T
05/2001 01/2004 09/2006 05/2009 0272012

Months

Figure 4: p-Values for Chow Breakpoint Test Over Time — Cyprus

at least not during the rolling window cycle (e.g. for Cyprus, see Figure
(4)). After all, even though we strictly examine the Phillips curve model
the data suggests to incorporate a breakpoint robust model instead. This
is something professional forecasters should keep in mind.

V. Conclusion

In this paper we run out-of-sample forecasts for the inflation rates in
15 euro-zone countries and the aggregated euro-zone. We use HICP over-
all and HICP core inflation index data and compute the MAE, the MSE
and the RMSE for a forecaster based on the NAIRU Phillips curve with
adaptive expectations as well as for a naive benchmark forecaster. We
provide evidence that the Phillips curves’ goodness of fit is rather high.
However, forecasting power is comparatively low. Only Belgium returns
smaller aggregated forecasting error measures for Phillips curve fore-
casts rather than persistence forecasts, but only for the HICP core infla-
tion index data. Additionally, their numerical magnitude is rather small.
In all other cases Phillips curve forecasting errors are much higher than
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those from the reference forecaster, in some cases even more than twice
as high. This suggests that policy makers should not rely on Phillips
curve based forecasting methods for euro-zone countries.

Stock/Watson (1999) conclude that Phillips curve can be a useful fore-
caster in the US.This is in line with Blinder (1997), who argues that the
Phillips curve is an important tool in the US, admitting that it looks dif-
ferently in other regions. Atkeson/Ohanian (2001, p. 7) however conclude
more strongly, stating that “... the search for yet another Phillips curve
based forecasting model should be abandoned”. This paper’s results sug-
gest to agree.
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Summary

Evaluating Phillips Curve Based Inflation Forecasts
in Europe: A Note

We run out-of-sample forecasts for the inflation rate of 15 euro-zone countries
using a NAIRU Phillips curve and a naive reference model. Comparisons show
that the naive model returns better forecasts in almost all cases. We provide evi-
dence that the Phillips curves’ goodness of fit is rather high. However, forecasting
power is comparatively low. (C53, E31, E37)

Zusammenfassung

Bewertung von Phillipskurven-basierten Inflationsprognosen
in Europa

In diesem Papier stellen wir Out-Of-Sample-Prognosen der Inflationsraten von
15 Léndern der Eurozone an. Hierzu verwenden wir einerseits ein NAIRU-Phil-
lipskurven-Modell, andererseits ein naives Referenzmodell. Der Vergleich zeigt,
dass das naive Modell in fast allen Fallen bessere Prognosen liefert als das Phil-
lips-Modell. Obwohl die In-Sample-Anpassungsgiite des Phillips-Modells ver-
haltnisméBig hoch ist, lasst sich somit folgern, dass die Prognosegiite der Phillips-
kurve vergleichsweise schlecht ausfillt. (C53, E31, E37)
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